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Background: General Objective

» |s the whole subjective experiment
consistent?

» |s this important?
» Should | discard the whole experiment?
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Results: The Tool
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Results: Three Pillars

) ) )
Theory Detection Interpretation
Typical vs Detect Are there too
atypical atypical score  many atypical
score distributions. score

distributions.

distributions?



Results: Theory

— » Quantifying QoE community’s experience.
— » Score distribution > MOS.
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Results: Detection
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Results: Interpretation

0.30-
o.25f

o.2of

0.15 -
0.10 -

0.05 -

0.00 -
0.000 0.025 0.050 0.075 0.100 0.125 0.150 0.175 0.200

theoretical uniform cdf



Discussion & Conclusions

» A handy tool.

» Limitations.

» Future directions
— Simulations.
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Key Takeaways

Consistency assessment tool.

https://github.com/Qub3k/subjecti

ve-exp-consistency-check

Use it on your data.
Join VQEG SAM (https://vqeqg.org/).
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